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Abstract

TRICE makes context assembly, evidence manifests, live verification, and acceptance gates deterministic. Verifier
durations are normalized before hashing and wall-clock fields are excluded from evidence. On six bundled live
repository tasks, TRICE reduces measured input context by 78.6% (95% bootstrap Cl: 76.8% to 80.3%) while
preserving executable task success.

Method

TRICE chooses keep, extract, summarize, mask-with-receipt, anchor-prefix, or lazy-recall actions under a token
budget. Acceptance requires live verifier pass preservation and measured input savings above the
user-conditioned target.

csv-filter 1895 77.3%

dedupe-helpers 1826 361 80.2% yes
fix-imports 1806 341 81.1% yes
fix-offby-one 2527 634 74.9% yes
implement-median 1889 424 77.6% yes
rename-api 1814 349 80.8% yes
Mean -- -- 78.6% yes

Replicated Suite Evidence

The public suite artifact fix-offby-one-suite contains 3 live replicate runs across 1 task cluster(s). Mean input-token
savings is 76.6% with clustered-by-task 95% CI 76.6% to 76.6%; pass regressions 0. S-tier gate: not passed.

Portable Artifact Bundle

The public bundle trice_suite_evidence.trice.zip contains 35 hashed entries, root manifest
trice_suite_evidence_manifest.json, and root result trice_suite_results.json. Verification replays aggregate and
child-manifest checks after safe extraction.

Broad Smoke Evidence

The broad-smoke suite bundled-live-six-task-suite contains 6 live run(s) across 6 task cluster(s). Mean input-token
savings is 81.5% with clustered-by-task 95% CI 79.0% to 83.5%; pass regressions 0. S-tier gate: not passed.

The broad-smoke bundle trice_broad_smoke_evidence.trice.zip contains 65 hashed entries.

Source Provenance

The suite source manifest records repo tree digest 604addf4070c... over 3 files and intervention provenance
before execution. JSON patch tasks record patch SHA-256; command adapter tasks record command argv and
timeout; adapter-profile tasks record profile SHA-256. Suite tasks may use either local paths or locked Git sources
with URL, revision, optional subdirectory, and resolved commit recorded.



Product Contract

A TRICE result is accepted only when the public library emits a stable manifest, the live verifier passes, and replay
is used only as preflight evidence. Generic users provide LiveTask plus a deterministic RepairAdapter; the bundled
JSON patch and command repair adapters refuse test edits by default. Command adapters may be packaged as
trice-adapter-profile/v1 files, and every live condition emits a trice-run-receipt/v1 artifact with adapter envelope,
command hash, before/after workspace fingerprints, changed files, output hashes, and optional agent-reported
token accounting. Receipts have a shipped JSON Schema and are validated during manifest and bundle
verification. Identical real-run smoke executions must reproduce result and artifact hashes. Multi-repository
evaluation uses trice-suite/vl manifests, local or locked Git sources, verify-suite for aggregate plus child-manifest

verification, and deterministic .trice.zip evidence bundles for handoff. The public CLI is tracerazor-trice and mirrors
python -m tracerazor.trice.

Deterministic Claim Gate

Local smoke gate passed: yes. Broad claim allowed: no. Rationale: local deterministic smoke passed; broad claim
still requires held-out provider runs with repeated trials and clustered confidence intervals
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